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Abstract: Mangroves in China have experienced various changes in different time periods due to anthropogenic disturbances, climate change and national 13 o

restoration policy. However, few studies quantitatively analyzed these changes. This study detected the changes of mangroves in China from 1985 to 2018 by -
combining Landsat and ALOS PALSAR i1mages. The results demonstrated that the total areas of China’s mangrove in 1985, 1996, 2007, 2010 and 2018 were
20,086 ha, 18,033 ha, 22,428 ha, 23,639 ha and 24,602 ha respectively. Mangrove area began to increase after 1990s mainly due to the national conservation
actions. The land-cover conversions 1n mangrove forests are various in different regions and time periods. However, most mangroves gained from aquaculture and
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mudflat and lost to built-up and aquaculture. This 1s the first study to quantify the long-term dynamics of mangrove forests in China by remote sensing which has &

potential importance to the mangrove protection and restoration programs in China, along with applicability to other developing countries.
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Fig. 8 Percentage of mangrove gain and loss in terms of different land cover. different provinces.

For references and details, contact: Zheng Yuhan, Bw-601, 6-1, Komaba 4-chome, Meguro, Tokyo 153-8505 JAPAN (URL:http://wtlab.iis.u-tokyo.ac.jp/E-mail: yuhan@g.ecc.u-tokyo.ac.jp)




