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Abstract: Air pollution have been one of the major health affecting factors around the globe. In China, air pollution mostly comes from the high percentage of coal in
energy structure, industrial activities and automobile exhaust of cars. During the lockdown policies to restrict COVID-19 spreading from 2020, these activities are more
and less restricted. This study aims to analyze the change in air pollution patterns during the COVID-19 affected period in several cities in China and the overall trend of
air pollution from 2004 to 2022 using satellite data retrieved from the aura satellite’s Ozone Monitoring Instrument.
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October 2004 to June 2022. The satellite data for 13 cities in China was collected after
specifying the latitude and longitude. The obtained data was analyzed using method
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5.Discussion

The trend In NO2 concentration can reflect the outbreak of COVID-19 in spring 2020
and the long-term lockdowns in the following two years. The STL decomposition
trend provides insights into the emission change patterns of different cities. Overall,
the trend reflects the implementation of air quality control policies in China.
However, differences exist depending on the geographical location of the cities.

DDDDDD

2020 2021
date date

By examining the difference between prediction and actual records, the influence
of covid lockdowns can be reflected. However, Long term control policies(at least
one month) cast more influence compared to short term but stricter lockdowns.
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