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Smartphone Application for Detecting and Visualizmg
Ganoderma Disease Stages in Oil Palm
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Abstract: Oil palm, one of the world's most important oil crops, faces severe threats from Ganoderma (Basal Stem Rot), which can reduce yields by 50-80% in Southeast Asian plantations. We developed a smartphone-

based solution using deep learning in real-time disease stage detection. Our "Gano Stage" app with integrated Web GIS dashboard provides an accessible, cost-effective tool for early detection and spatial monitoring of

Ganoderma disease in oil palm plantations.
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disease stage detection in resource-constrained environments.
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 The best-performing model was deployed in the “Gano Stage” app for real-time
detection in the field.
* Model predictions are automatically updated and visualized through the Web
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 This user-friendly system is applicable for
all skill levels, enabling plantation
managers, researchers, and field workers
with  minimal technical expertise to
effectively monitor disease.

« Developed using ArcGIS Survey123, the
cross-platform  solution  (i{0OS/Android)
utilizes widespread smartphone usage to
ensure seamless data collection and easy
adoption.

Figure 8: Web GIS based dashboard [1]
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